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ABSTRACT: Covid-19 is a virus that is spread rapidly around the world. World Health Organization
announced social distancing to control the spread of that virus. All institutions are closed in Pakistan.
Education was also effecting with this shutdown. In the age of computing, social computing has emerged
as a means of sharing knowledge, conveying ideas, and forming academic discussion groups, to name a few.
Social websites or apps are also used for online study due to some critical situation as if nowadays we are
facing many problems due to covid-19. Due to the covid-19 educational system is disturbed for that purpose
we are introducing a different online platform for delivering knowledge and continue the educational system
Many data mining techniques are applied to social network data for online analysis due to a large number
of users and widespread use. This paper describes a method for extracting and analyzing master’s student
comments from the online survey that which platform is better for online study and also giving the opinion
about most used platform. The proposed technique is implemented using different models or algorithms.
By providing various preform as and analyzing various student opinions, the said system may assist the
administration in improving the learning environment.
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I. INTRODUCTION

For academic intervention, data mining is a powerful
method. Educational Machine Learning is the term for
research in the context of education. Educational Data
Mining is concerned with the creation of new methods
for discovering information from educational databases
and applying it to educational decision-making. It
is important to obtain an education. No one should
doubt its importance since it is a globally accepted
phenomenon1,2. It has an effect on people’s lives. A
well- educated person can weather the challenges of life3.
People’s conduct is improved by education. COVID-19’s
global spread contributed in the cancellation of classes
for over 850 million students around the world, under-
mining schools’ initial teaching plans in these countries
and regions4,5.

a)Electronic mail: Muhammad.irfan1@cs.uol.edu.pk

The author in study3, evaluated the online portion of
a textured degree program for practitioners using a for-
mal self-assessment and peer review using an instrument
systematically designed according to Moore’s principles
of transaction’s distance, and he discovered that tweak-
ing a few course elements improved the layout, conver-
sation, and autonomy of student learning. A virtual
reality tour-guiding network was created, and some stu-
dents from a Pakistani technical university took part in
the research6–10. The results revealed their learning ef-
ficacy and acceptance of technology in the educational
system.

This graph (Fig. 1) represents that how much the oc-
currence of online study in the next years with different
platforms, which perform better. This classification can
be used by developers to choose online platforms based
on the setting and context of use. Lastly, research gaps
have been identified for future researches.

FIG. 1: Yearly Chart.
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II. THEORETICAL FRAMEWORK

Constructivist theory and teaching paradigms are con-
gruent with the literature analysed, as well as the issues
and potential solutions that address student impressions
of on-line courses11. Identified 16 constructivism fea-
tures, three of which are highlighted in this research
study:

1. Guides, monitors, mentors, tutors, and facilitators
are all roles that teachers play.

2. Student major issue, relatively high reasoning
abilities, and deep comprehension are emphasized.

3. Individual contexts, social negotiation, teamwork,
and practise all play a role in learning.

In e-learning environments12, adapted11 characteristics
into an advanced model of constructivism. The three
components that have been determined are: Collabora-
tion, teamwork, various interpretations of concepts, and
social negotiations are all part of the design of learning
activities.

1. Mentoring, acknowledging, giving input, and eval-
uating student learning are all roles that instruc-
tors play.

2. Learning assessment may be done by the mentor,
in conjunction with the student alternatively, the
student himself.

Educational technologies are frequently utilised to
simplify the learning process by creating a conducive
learning environment and assessing student progress13.
As a result, A constructivist approach to online educa-
tion will promote more creativity in the classroom while
avoiding the use of technology to measure student suc-
cess. (for example, presenting knowledge and providing
drills and practise). Technology is more useful in theory
when students use it to identify a problem and then use
the appropriate tools to help them understand it14.
Teamwork (amongst teachers and students, as well

as between students and other students), online content
methods, and educational methodology frameworks are
three areas that need particular attention and are dis-
cussed in this report are based on these distinctive na-
ture of online courses and e-learning environments, as
well as constructivist theory components.

III. METHODOLOGY

A. PROPOSED METHODOLOGY

In recent studies, machine learning has proven to be
extremely useful in offering better solutions and data
prediction in less time. We can make predictions based
on historical data thanks to machine learning15,16. Ma-
chine learning is another term for it (ML) enhancing our
ability to use forecasts. We will describe the proposed
architecture in this section. We defined our work’s lit-
erature in the previous section, then created a compar-
ison table of previous work and developed an existing
architecture. The following is how we split the proposed
architecture:

• Data Definition

• New Variable

• Proposed Techniques High Level Architecture

• Proposed Methodology Detailed Description

B. DATA COLLECTION

The data for this thesis was gathered from Pakistani stu-
dents using an online Google form. The purpose of the
study was explained in the email to the student recipi-
ents, which also included an informed consent statement
(Fig. 2). The authorization form also contained the
the name of the researcher and contact details for the
researcher’s counsellor. Students may use this informa-
tion to contact either the researcher or the researcher’s
academic advisor if they had any questions or concerns
regarding the survey. The declaration also emphasizes
that participation in the study is voluntary. When sur-
vey participants started a survey, they were told that
they could stop at any time and that there would be
no consequences if they did. The researcher will not
be gathering or receiving any identifying in-formation,
according to the email address. The university’s Statis-
tical Consulting Center was in charge of this account.

IV. RESULTS

A. DATA ANALYSIS

The research question did not differentiate between the
four classes because it was designed to measure student
barriers to virtual classrooms irrespective of whether
they were able or planning to take an online study in
the future. The aim of this question will be to identify
any potential limitations that almost all students could
face when deciding whether to take an online course.
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FIG. 2: Proposed methodology.

FIG. 3: Original Data set.

A research Question All of the respondents who would
not have been able to choose whether to take an online
course must be considered. In improving the 34 valid-
ity of the data for the first research question, response
frequencies were calculated and evaluated.

The research question seeks to determine whether
there is a substantial gap between students who choose
or plan to take an online course in the future and those
who do not. A statistical comparison was made using
several Mann-Whitney U Tests. This approach was cho-
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FIG. 4: preprocessing the data set.

FIG. 5: Description of data set.

FIG. 6: Opinion analysis of students for conducting
online classes.

sen because it allows for comparisons between groups of
various sizes. This approach was used to examine the
variations between students who preferred traditional
environments and students who chose to take an online

class. Data analysis have some steps:

• Collect data (Google form)

• Preprocessing the data

• Model development (NLP)

• Then splitting the data (testing and training)

• Applying Models (SVM, RF)

• Compare and evaluation of Outcomes

B. ORIGINAL DATA

First we visualize (Fig. 3) the data which we collected
from the source of Google online form. In which stu-
dents give their opinions about the online study from
different platform.
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FIG. 7: Preferring Online classes.

FIG. 8: Preferring Online classes.

C. PREPOSSESSING THE DATA

We display (Fig. 4) all of those things which we doing
on my project. First step is conducting the data from
students. Then we have to preprocess our data because
some students missing the questions and some are not
correctly giving authentic answer of the question. That
is why we preprocess the data into integer values from
text and overcome the missing values. Description of
data set is shown in Fig. 5.

D. OPINION ANALYSIS

Now we are going to show (Fig. 6) the graphical repre-
sentation of the Students opinions in Table I.

TABLE I: Opinion Analysis.

Opinion Comments
Positive Good, Appraisal, Initiative, well, Appear,
Negative Nice, Enjoyment, Learn
Heutral Hard, Remove, Go, Cheap, Bycot,
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E. SVM

Multiple classification problems, a support vector ma-
chine (SVM) is a supervised machine learning model
that uses classification algorithms. SVM models will
categories new text after being given sets of labelled
training data for each group. Therefore, you are at-
tempting to solve a text classification problem (Fig. 7).

F. RANDOM FOREST

Random forests, also known (Fig. 8) as random decision
forests, are an ensemble learning method for classifica-
tion, regression, and other tasks that works by training
a large number of decision trees and then outputting
the class that is the mode of the classes (classification)
or the mean/average prediction (regression) of the indi-
vidual trees. We are showing the comparison of RF and
SVM by Table II.

TABLE II: Our Model Prediction.

Sr. No Models Accuracy Precision Recall F1-Score
1 SVM 0.8 0.80 0.89 0.84
2 RF 0.6 0.72 0.75 0.78

V. CONCLUSION

The conclusion of this research is to look at the chal-
lenges that students face while taking online classes. We
are summarizing a big problem and then posing some
significant questions. Taking a survey from Pakistani
students using a Google form Collaboration and engage-
ment are significant obstacles to taking an online class
because of this. Students tend to communicate with an
instructor through asynchronous communication tools
for course topics involving collaboration among students
in a small group to complete an assignment, discussion
of course content, and communication with an instruc-
tor (e.g., email, text messages, and discussion board).
A new variable was developed using an existing variable
to get a more accurate predicted value. We use Natural
Language Processing (NLP) to predict various points of
view and help us refine the framework. We used vari-
ous models (SVM AND RF) to predict and determine
which model is most efficient in analyzing the data sets.
Then we also conclude that SVM give the best accuracy
as compared to random forest. The authenticity of on-
line study was determined through models using various
techniques. For future jobs, social media data and all
schools and colleges’ data or survey can be combined
with this data to predict current time. Financial news
may also be taken into account for additional criteria

in order to predict better outcomes. This study has
some limitations, including the relatively small sample
size and the focus on a single country (Pakistan). Fu-
ture studies could expand the sample size and include
students from different countries to improve the gener-
alizability of the results. Future research could explore
the integration of more advanced NLP techniques, such
as deep learning models, to further improve sentiment
analysis accuracy.
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